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DSE-301: INTRODUCTION TO DATA SCIENCE  

Course Objectives: 

• To learn emerging issues related to various fields of data science. 

• To understand the underlying principles of data science, exploring data analysis. 

• To learn the basics of R Programming. 

Course Outcomes: 

After completion, students will be able to: 

• Explain the data science lifecycle and tools  

• Perform data manipulation and analysis using R  

• Acquire and clean data from multiple sources  

• Apply exploratory data analysis techniques to derive insights  

 

Unit-1 

Data Scientist’s Tool Box: Turning data into actionable knowledge, introduction to the tools that will 

be used in building data analysis software: version control, markdown, git, GitHub, R, and RStudio. 

Unit-2 

R Programming Basics: Overview of R, R data types and objects, reading and writing data, Control 

structures, functions, scoping rules, dates and times, Loop functions, debugging tools, Simulation, 

code profiling. 

Unit-3 

Getting and Cleaning Data: Obtaining data from the web, from APIs, from databases and from 

colleagues in various formats, basics of data cleaning and making data “tidy”. 

Unit-4 

Exploratory Data Analysis: Essential exploratory techniques for summarizing data, applied before 

formal modeling commences, eliminating or sharpening potential hypotheses about the world that can 

be addressed by the data, common multivariate statistical techniques used to visualize high-

dimensional data. 

 

Text Book: 

1. Rachel Schutt, Cathy O'Neil, "Doing Data Science: Straight Talk from the Frontiline" by 

Schroff/O'Reilly, 2013. 

Reference Books: 

2. Foster Provost, Tom Fawcett, “Data Science for Business” What You Need to Know About 

Data Mining and Data-Analytic Thinking by O'Reilly, 2013. 

3. John W. Foreman, “Data Smart: Using data Science to Transform Information into Insight” by 

John Wiley & Sons, 2013. 

4. Eric Seigel, “Predictive Analytics: The Power to Predict who Will Click, Buy, Lie, or Die", 1st 

Edition, by Wiley, 2013. 

 

DSE-301:  DATA SCIENCE PRACTICAL LAB 

1. Write a program that prints “Hello World” to the screen. 

2. Write a program that asks the user for a number n and prints the sum of the numbers 1 to n 

3. Write a program that prints a multiplication table for numbers up to 12. 

4. Write a function that returns the largest element in a list. 

5. Write a function that computes the running total of a list. 
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6. Write a function that tests whether a string is a palindrome. 

7. Implement linear search. 

8. Implement binary search. 

9. Implement matrices addition, subtraction and Multiplication 

10. Fifteen students were enrolled in a course. There ages were: 20 20 20 20 20 21 21 21 22 22 22 

22 23 23 23 

i. Find the median age of all students under 22 years 

ii. Find the median age of all students 

iii. Find the mean age of all students 

iv. Find the modal age for all students 

v. Two more students enter the class. The age of both students is 23. What is now mean, mode 

and median? 

 

DSE302: TIME SERIES ANALYSIS 

Course Objectives 

• Introduce the concept of time series, its components, and their estimation. 

• Introduce the application of time series. 

Course Outcomes 

• After completion of this course, the students will be able to: 

• Understand the concepts of time series. 

• Formulate, solve, and analyze the use of time series for real-world problems. 

 

Unit 1: Fundamentals of Time Series 

Introduction: Definition, importance, and applications of Time Series in Computer Science and 

Business. 

Components of Time Series: Understanding the "Four Forces": Secular Trend (Long-term movement), 

Seasonal Variations (Short-term periodic patterns), Cyclical Variations (Long-term oscillations), 

Irregular/Random Fluctuations. Mathematical Decomposition: Additive and Multiplicative models 

(Concepts, Merits, and Demerits). 

 

Unit 2: Measurement of Trend 

Non-Mathematical Methods: Free-hand Curve and Method of Semi-Averages. 

Mathematical Methods (Least Squares): Fitting of Linear Trend (y = a + bx), Fitting of Second-Degree 

Parabolic (Quadratic) Curves, Introduction to Exponential Trend fitting. 

Moving Average Method: Calculation of 3-yearly, 4-yearly (centered), and 5-yearly moving averages. 

 

Unit 3: Seasonal Variations & Growth Curves 

Seasonal Indices: * Method of Simple Averages, Ratio-to-Trend Method, Ratio-to-Moving Average 

Method. 

Growth Curves in IT: Conceptual understanding of Modified Exponential, Gompertz, and Logistic (S-

curve) models for growth prediction. 

 

Unit 4: Introduction to Forecasting & Errors 

Smoothing Techniques: Simple Exponential Smoothing (Holt’s logic) for short-term forecasting. 
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Stationarity: Basic concept of a "stable" time series (Mean and Variance). 

Forecasting Accuracy: How to measure if a model is correct: MAE (Mean Absolute Error), MSE 

(Mean Squared Error), RMSE (Root Mean Squared Error) 

Modern Overview: A brief look at the Box-Jenkins (ARIMA) approach and the role of "White Noise." 

 

Recommended Reference Books  

1. S.C. Gupta & V.K. Kapoor: Fundamentals of Applied Statistics. 

2. S.P. Gupta: Statistical Methods. 

3. B.L. Agarwal: Basic Statistics. 

 

DSE302: TIME SERIES ANALYSIS PRACTICAL: 

1. Visual Component Identification: Identifying Trend, Seasonality, and Irregular peaks in a given 

time series graph. 

2. The Method of Semi-Averages: Calculating the trend line by splitting a dataset into two equal 

halves. 

3. Linear Trend Fitting: Using the Method of Least Squares to find the straight-line equation y = 

a + bx. 

4. Data Smoothing: Calculating 3-Year and 5-Year Moving Averages to remove short-term 

fluctuations. 

5. Seasonal Index Calculation: Using the Method of Simple Averages to find seasonal variations. 

6. Ratio-to-Moving Average: Calculating seasonal indices by comparing actual data to centered 

moving averages. 

7. Growth Curve Analysis: Sketching and identifying the Logistic (S-curve) and Gompertz curves 

in population or technology data. 

8. Short-term Forecasting: Applying Simple Exponential Smoothing to predict the next value in 

a sequence. 

9. Forecasting Accuracy (MAE): Calculating the Mean Absolute Error to check the reliability of 

a prediction. 

10. Error Diagnostics: Performing Residual Analysis to check if the remaining errors represent 

random "White Noise." 

 

 

DSE303:  MACHINE LEARNING 

 

Course Objectives 

• Present foundations of Machine Learning algorithms and real-world applications. 

• Cover major learning approaches: supervised and unsupervised. 

Course Outcomes 

Upon successful completion, students will be able to: 

• Differentiate between supervised and unsupervised learning tasks. 

• Normalize data and perform outlier analysis. 

• Execute various ML algorithms (regression, clustering, dimensionality reduction). 

 

Unit I: Introduction to Machine Learning  

Definition, History, Future and basic concepts of Machine Learning, Key elements of 
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Machine Learning, Supervised vs. Unsupervised Learning. Mathematical Foundations: Data 

Structures for linear Algebra, Tensor Operations, matrix properties, Eigenvectors and 

Eigenvalues, Matrix operations for Machine Learning. 

Unit II: Supervised Learning - I 

Simple Linear Regression, Multiple Linear Regression, Polynomial Regression, Over-fitting 

and Bias-Variance Trade-off, regularization. Regression evaluation metrics. Linear 

Discriminant Analysis. 

Unit III: Supervised Learning - II 

Logistic Regression, Naïve Bayes Classifier, K-Nearest Neighbour (K-NN), Support Vector 

Machine (SVM), Kernel SVM, Decision Tree Classifier, Evaluating Classification Model 

Performance. 

Unit IV: Unsupervised Learning 

Clustering: Approaches for clustering, distance metrics, K-means clustering, hierarchical 

clustering, and feature selection methods. Dimensionality reduction (Principal Component 

Analysis). Association Rules Learning. 

 

Recommended Reference Books : 

1. Alpaydin, E. (2020). Introduction to machine learning. MIT press. 

2. Mathematical Foundation of Machine Learning: A Comprehensive Exploration. 

3. James, G., Witten, D., Hastie, T., &amp; Tibshirani, R. (2013). An introduction to statistical 

learning. Springer. 

4. Raschka, S., &amp; Mirjalili, V. (2019). Python machine learning. Packt Publishing Ltd. 

5. Shalev-Shwartz, S., &amp; Ben-David, S. (2014). Understanding machine learning. Cambridge 

University Press. 

 

DSE303:  MACHINE LEARNING PRACTICAL: 

1. Implement linear algebra operations (matrix multiplication, eigenvectors) using 

NumPy. 

2. Develop programs for Simple, Multiple, and Polynomial Linear Regression. 

3. Implement Ridge and Lasso regression (regularization). 

4. Implement LDA for dimensionality reduction. 

5. Develop KNN algorithm from scratch and evaluate performance. 

6. Create a Decision Tree Classifier for classification problems. 

7. Implement K-Means and Hierarchical clustering on unlabeled datasets. 

8. Perform Principal Component Analysis (PCA) for dimensionality reduction and visualization. 

 

 

SEC302: QUANTITATIVE TECHNIQUES 

Course Objectives 

• To reinforce basic math concepts and ideas. 

• To enhance reasoning power and problem-solving capacity through indirect math problems. 

• To develop logical thinking. 

• To make learners competent for competitive and entrance examinations. 
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Course Outcomes 

• Understand integers, rational numbers, real numbers and their operations. 

• Learn concepts of GCD and LCM. 

• Understand averages (AM, GM, HM) and percentages. 

• Evaluate ratios and proportions. 

• Understand Profit, Loss, and related percentages. 

• Learn concepts related to Time, Speed, and Distance. 

 

UNIT- 1: Elementary Arithmetic - I 

Numbers and BODMAS: Review of number systems, basic operations, and calculation tricks (GCD, 

LCM). Averages and Percentage: AM, GM, HM properties and inequalities; Percentages. 

Ratio and Proportion: Concepts and properties (invertendo, componendo, etc.); Direct and Inverse 

proportion. 

 

UNIT-2: Elementary Arithmetic - II 

Profit and Loss: Definitions, Percentage Profit/Los; Time, Speed and Distance: Average speed, 

crossing objects (pole vs. tunnel), moving vs. stationary objects, river currents. 

Work, Pipes and Cisterns: Work rate logic, filling and emptying cisterns. 

 

Recommended Reference Books : 

1. Quantitative Aptitude for Competitive Examinations by R. S. Aggarwal. 

2. Bible To Basic Mathematics by Pragati Agarwal. 

3. Logical and Analytical Reasoning: Useful for All Competitive Exams by A. K. Gupta. 

4. Arithmetic: Subjective And Objective For Competitive Examinations by R. S. Aggarwal. 

5. Maths Book For Competitive Exams by Vikas Bhalla. 

6. Reasoning For Competitive Examinations by Nishit K. Sinha. 
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CC301: GENERATIVE AI 

 

Course Objectives: 

• To provide a clear understanding of the fundamental concepts of Artificial Intelligence, 

including its history and different classifications. 

• To explain the technological hierarchy between AI, Machine Learning (ML), and Deep 

Learning (DL). 

• To introduce the mechanics of Generative AI and the underlying role of neural networks and 

training data. 

• To equip students with the basic techniques of Natural Language Processing (NLP) for text 

data preparation. 

• To demystify Large Language Models (LLMs) and Transformers, focusing on their operational 

logic and inherent limitations. 

 

Course Outcomes 

Upon successful completion of this course, students will be able to: 

• Differentiate between various types of AI (Narrow, General, and Super) and identify their 

applications in the real world. 

• Explain the relationship and boundaries between AI, Machine Learning, and Deep Learning. 

 

UNIT I 

What is Artificial Intelligence? History and evolution of AI, Types of AI, Narrow AI, General AI, 

Super AI, Real-world examples of AI, Difference between AI, Machine Learning, and Deep 

Learning 

 

UNIT II 

What is Generative AI? How generative models work. Introduction to neural networks. Basics of 

deep learning. Concept of training data. Understanding tokens and embeddings (basic level). 

 

UNIT III 

What is NLP? Text preprocessing, Tokenization, Stop words, Stemming & lemmatization, Bag of 

Words (BoW), TF-IDF (intro level). 

 

UNIT IV 

What are Large Language Models? How models like ChatGPT work (high level),Transformers – 

simple explanation, Training vs inference, Limitations of LLMs. 

 

Recommended Books: 

1. Artificial Intelligence: A Modern Approach by Stuart Russell and Peter Norvig. 

2. Generative AI with LangChain by Ben Auffarth. 

3. Speech and Language Processing by Dan Jurafsky and James H. Martin. 
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CC301: GENERATIVE AI PRACTICAL: 

1. AI Classification Challenge: Analyze a list of 10 modern technologies (e.g., Tesla Autopilot, 

Spotify Discover Weekly, Google Translate) and classify them into Narrow AI, General AI, or 

Super AI. 

2. Visualizing the AI Hierarchy: Create a diagram or map that correctly places specific techniques 

like "Decision Trees" and "Convolutional Neural Networks" into the correct circles of AI, Machine 

Learning, or Deep Learning. 

3. Generative Prompt Testing: Use an image generator (like Midjourney or DALL-E) to generate the 

same subject (e.g., "a cat in space") using three different levels of detail in the prompt to observe 

how the model "imagines" details. 

4. Tokenization & Cleaning: Take a raw dataset of tweets and perform manual Tokenization and Stop 

Word removal to see how much "noise" is removed before a machine reads it. 

5. Stemming vs. Lemmatization: Use a simple text set to apply both techniques. Compare how 

"Changing," "Changed," and "Changes" are handled by each to understand which is more 

"intelligent." 

6. Bag-of-Words (BoW) Matrix: Create a simple 3x3 table (Document-Term Matrix) for three 

sentences to see how words are converted into the numerical vectors that computers understand. 

7. Embedding Proximity: Use a word embedding visualizer to find "neighbor" words. For example, 

see how "King" is mathematically related to "Man" and "Queen" is related to "Woman." 

8. The Transformer "Attention" Exercise: Take a sentence with a pronoun (e.g., "The bank was closed 

because it was a holiday") and identify which words the model must "pay attention" to in order to 

know what "it" refers to. 

9. Prompt Engineering Techniques: Practice Few-Shot Prompting by giving an LLM three examples 

of a task before asking it to do a fourth, and compare the result to a prompt with no examples. 

10. LLM Hallucination Audit: Ask an LLM to write a biography of a "famous" person you just made 

up. Document how the model "hallucinates" facts to fill in the gaps, demonstrating its current 

limitations. 

 

DSE304: BIG DATA ANALYSIS 

Course Objectives: 

• To introduce the fundamental concepts of Big Data and its importance in modern computing  

• To understand different types of data and challenges associated with large-scale data processing  

• To familiarize students with the Hadoop ecosystem and distributed computing frameworks  

• To develop basic skills in NoSQL databases and MapReduce programming  

Course Outcomes 

Upon successful completion of this course, students will be able to: 

• Explain the characteristics, challenges, and applications of Big Data  

• Differentiate between traditional data processing systems and Big Data technologies  

• Apply Hadoop ecosystem tools for distributed data storage and processing  

• Perform basic operations using NoSQL databases like MongoDB  

• Analyze large datasets using appropriate Big Data tools and techniques 
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UNIT I  

Introduction To Big Data And Analytics: Classification of Digital Data, Structured and Unstructured 

Data - Introduction to Big Data: Characteristics – Evolution – Definition - Challenges with Big Data 

- Other Characteristics of Data - Why Big Data - Traditional Business Intelligence versus Big Data - 

Data Warehouse and Hadoop Environment Big Data Analytics: Classification of Analytics – 

Challenges - Big Data Analytics important - Top Analytics Tools. 

 

UNIT II 

Introduction To Technology Landscape: NoSQL, Comparison of SQL and 

NoSQL, Hadoop -RDBMS Versus Hadoop - Distributed Computing Challenges – Hadoop Overview 

- Hadoop Distributed File System - Processing Data with Hadoop - Managing Resources and 

Applications with Hadoop YARN - Interacting with Hadoop Ecosystem 

 

 

UNIT III 

Introduction to Mongodb And Mapreduce Programming: MongoDB: Why Mongo DB - Terms 

used in RDBMS and Mongo DB - Data Types - MongoDB Query Language. MapReduce: Mapper – 

Reducer – Combiner – Partitioner – Searching – Sorting – Compression. 

 

UNIT IV 

Introduction to Hive: Hive: Introduction – Architecture - Data Types - File Formats 

- Hive Query Language Statements – Partitions – Bucketing – Views - Sub- Query – Joins – 

Aggregations - Group by and Having - RCFile Implementation - Hive User Defined Function 

- Serialization and Deserialization. 

 

Suggested Text Books: 

1. Big Data Analytics by Seema Acharya and Subhashini Chellappan (Wiley India) 

2. Hadoop: The Definitive Guide by Tom White (O'Reilly) 

3. MongoDB: The Definitive Guide by Kristina Chodorow (O'Reilly) 

4. Programming Hive by Edward Capriolo, Dean Wampler, and Jason Rutherglen 

 

DSE304: BIG DATA ANALYSIS PRACTICALS: 

1. Data Classification Exercise: Collect 5 different types of files (e.g., a CSV file, an image, a tweet, a 

log file, and a SQL table) and classify them into Structured, Semi-Structured, or Unstructured Data. 

2. Hadoop Environment Setup: Perform the installation and configuration of a Single Node Hadoop 

Cluster (Pseudo-distributed mode) and verify the installation using the jps command. 

3. HDFS File Operations: Practice basic Hadoop Distributed File System commands such as creating 

directories (mkdir), uploading files (put), downloading files (get), and listing files (ls). 

4. NoSQL vs. SQL Comparison: Create a simple student record table in a Relational Database (like 

MySQL) and a corresponding Document in a NoSQL Database (MongoDB) to observe the difference 

in schema flexibility. 

5. MongoDB Basic CRUD Operations: Perform the basic "Create, Read, Update, and Delete" operations 

in MongoDB using the MongoDB Query Language (MQL). 

6. MapReduce Logic - Word Count: Write and execute a simple MapReduce program (using Java or 

Python) to count the frequency of each word in a large text file. 
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7. MapReduce Advanced - Sorting: Implement a MapReduce job to perform Searching and Sorting on a 

dataset (e.g., sorting employee records by salary). 

8. Hive Table Management: Create a Managed Table and an External Table in Apache Hive, and load 

data from a local CSV file into these tables. 

9. Hive Data Partitioning: Implement Partitions and Bucketing in Hive to demonstrate how they improve 

query performance when dealing with large datasets. 

10. Hive Joins and Aggregations: Execute complex Hive Query Language (HQL) statements involving 

Joins, Group By, and Having clauses to analyze data stored in the Hadoop ecosystem. 

 

DSE305: EXPLORATORY DATA ANALYSIS 

 

Course Objectives 

The primary goals of this course are: 

• To instill an "EDA-first" mindset, emphasizing the importance of understanding data quality and 

patterns before applying complex models. 

• To master the techniques of Data Cleaning, including the systematic handling of missing values, 

outliers, and duplicates. 

• To provide a deep understanding of statistical measures for central tendency, spread, and the overall 

shape of data distributions. 

• To develop proficiency in Visual Analytics, teaching students to select and interpret the most effective 

charts for univariate, bivariate, and multivariate relationships. 

 

Course Outcomes 

Upon successful completion of this course, students will be able to: 

• Classify data types (Nominal, Ordinal, Discrete, and Continuous) and apply the appropriate "Tidy 

Data" principles for analysis. 

• Clean and Preprocess raw datasets by implementing logical strategies for imputation, outlier treatment, 

and feature engineering. 

• Perform Univariate Analysis to describe the "identity" of a single variable using summary statistics 

and distribution plots. 

• Analyze Relationships between multiple variables using correlation coefficients, heatmaps, and scatter 

plots to identify hidden patterns or dependencies and Evaluate Data Distribution  

 

Unit 1: Introduction to EDA & Data Preparation 

The EDA Philosophy: What is EDA? Difference between Descriptive and Inferential statistics. Why 

we explore data before modeling. Data Types & Structures: Understanding Categorical 

(Nominal/Ordinal) and Numerical (Discrete/Continuous) data. Data Cleaning Basics: * Handling 

missing values (Imputation vs. Deletion), Identifying and treating outliers, Removing duplicate 

records. Tools of the Trade: Introduction to the "Tidy Data" concept. 

 

Unit 2: Univariate Analysis (Exploring One Variable) 

Summary Statistics: Understanding Central Tendency (Mean, Median, Mode) and Spread (Range, 

Variance, Standard Deviation). Shape of Data: Skewness and Kurtosis. Understanding the "Normal 
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Distribution." Visualizing Single Variables: Histograms: To see frequency and distribution, Box Plots: 

To identify quartiles and outliers, Bar Charts: For categorical frequency. 

 

 

Unit 3: Bivariate & Multivariate Analysis (Finding Relationships) 

Numerical vs. Numerical: Scatter Plots: Visualizing the relationship between two numbers, 

Correlation: Understanding Pearson’s r (Strength and Direction of relationship). Categorical vs. 

Numerical: Grouped Summary Statistics: Comparing means across different groups, Segmented Box 

Plots: Identifying differences in distribution between categories. Multivariate Discovery: Using 

Heatmaps and Pair Plots to find patterns across multiple variables simultaneously. 

 

Unit 4: Insights, Visual Storytelling & Ethics 

The Power of Visualization: Choosing the right chart for the right data (Comparison vs. Relationship 

vs. Composition). Feature Engineering: Creating new variables from existing ones (e.g., extracting 

"Year" from a "Date" column). The "Lie" of Statistics: How visuals can be misleading (scaling issues, 

cherry-picking data). Reporting Findings: Moving from raw charts to actionable insights and business 

stories. 

 

DSE305: EXPLORATORY DATA ANALYSIS PRACTICALS: 

1. Missing Value Audit: Take a messy dataset and calculate the percentage of missing values per column. 

2. Outlier Detection: Use a Box Plot to find the "extreme" values in a dataset of house prices. 

3. The Histogram Challenge: Plot the ages of a population and determine if the distribution is "Skewed 

Right" or "Skewed Left." 

4. Variable Comparison: Use a Scatter Plot to see if "Time Spent Studying" correlates with "Exam 

Scores." 

5. Pivot Table Magic: Create a summary table showing the average sales per city. 

6. Correlation Heatmap: Generate a heatmap to find which two features in a car dataset are most closely 

linked (e.g., Horsepower vs. Fuel Efficiency). 

7. Categorical Breakdown: Use a Bar Chart to visualize the most popular programming languages among 

students. 

8. Data Transformation: Convert a "Birthdate" column into an "Age" column and re-analyze the 

distribution. 

9. Standardization: Apply Min-Max scaling to a column to see how the data range changes. 

10. Final Storyboard: Take a small dataset (like the Titanic or Iris dataset) and create 3 charts that tell a 

complete story. 

 

Suggested Textbooks: 

1. Exploratory Data Analysis by John Tukey (The original founder of the field). 

2. Python for Data Analysis by Wes McKinney. 

3. Storytelling with Data by Cole Nussbaumer Knaflic (Excellent for Unit 4). 

 

AEC301: SOFT SKILLLS 

Course Objectives: 

• To understand the concept, process,  and importance of Business 

Communication. 
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• To help students in understanding the basic principles and techniques of business communication. 

• To train students to acquire and master written communication for the corporate world. 

• To sensitize students to understand Business Communication in Global and Cross-Cultural 

context. 

Course Outcomes 

  Students will be able to: 

• Communicate effectively in professional settings  

• Write formal business documents  

• Demonstrate interpersonal and presentation skills  

• Use digital communication tools responsibly 

 

Unit 1: Introduction to Communication in Organizations 

Introduction to Business Environment and Communication, Models of communication, Basics of 

Communication (types, channels and barriers), 7Cs of communication, Formal and informal 

communication, Listening Skills, communication on social media platforms. 

Unit 2: Written Communication 

Planning and executing different types of messages, emails, formal letters (Planning & Layout of 

Business Letter) and informal messages on e-platforms, negative messages: indirect & direct negative 

messages; Persuasive messages, request letters to various stakeholders, Sales Letters, Complaint & 

Follow up Letters, Promotion Letters, Job application Letters, cover letters, resume, Resignation 

Letters. 

Unit 3 - Interpersonal Communication 

Team communication, managing communication during online meeting, communication with virtual 

team, communication in gig economy; Presentation skills (Verbal and non-verbal); Powerpoint 

presentation skills; Infographics, introduction to contemporary alternatives (such as- Prezi,Visme, 

Microsoft Sway, Zoho) 

Unit 4 - Digital Communication 

Social media and individual, social media & organizations, Media Literacy; Strong Digital 

communication skills – email, instant messaging, video conferencing, e-meetings, Digital 

collaboration, digital citizenship –digital etiquettes & responsibilities; introduction to 

personal and organizational websites. 

 

Recommended Books: 

1. AICTE’s Prescribed – Communication Skills in English, Khanna Book Publishing. 

2. Lesikar, R.V. & M.E. Flatley,“Business Communication: Connecting in a Digital World”, 

McGraw-Hill Education. 

3. Murphy, H. A., Hildebrandt, H. & Thomas, J.P., Effective Business Communication. McGraw 

Hill. 

4. Mukerjee H. S., Business Communication: Connecting at Work. Oxford Publication 

5. Boove, C.L.,Thill, J. V. & Raina, R. L, Business Communication Today, Pearson. 


